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— Deterministic Gradient obfuscation in CIFAR10?

Certified defenses in CIFAR10

» Consider traditional crops, flips, and the composition of both. . e .
» Easily implementable: wrapper in PyTorch. TRADES 4992 | 49.12 | 48.71 | 48.69
» Separately use each of the top-performing e e e

attacks from AutoAttack. ‘ Y255 | 19/255 | S3/2s5 | 4250
* Check the effect on certified robustness by combining the g L || el

wrapper with the methods of Cohen et.al. and SmoothAduv.
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